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ANALISIS KOMPARATIF CONVOLUTIONAL NEURAL
NETWORK DAN BIDIRECTIONAL LONG SHORT-TERM
MEMORY DALAM MENDETEKSI HOAKS COVID-19 PADA
TWITTER

Tania Ciu

ABSTRAK

Pesatnya perkembangan internet dan sosial media tidak hanya memberikan dampak
positif, melainkan juga dampak negatif. Salah satunya ialah adanya potensi
penyebaran hoaks. Sulit terdeteksinya hoaks menjadi tantangan tersendiri bagi
masyarakat. Permasalahan hoaks menjadi semakin krusial terutama ketika
dikaitkan dengan bidang kesehatan seperti COVID-19. Hoaks terkait COVID-19
tidak hanya dapat membahayakan kesehatan fisik, tetapi juga keschatan mental
masyarakat.

Guna menghadapi permasalahan tersebut, dilakukan penelitian analisis komparatif
untuk membandingkan kinerja Convolutional Neural Network dan Bidirectional
Long Short-Term Memory dalam mendeteksi hoaks COVID-19. Penelitian
dilakukan dengan bertitik tolak pada CRISP-DM framework. Deteksi hoaks
dilakukan dengan menggunakan dataset CTF yang dikumpulkan melalui metode
pengumpulan data sekunder dimana dataset tersebut memuat data berlabel “fake”
dan data berlabel “genuine” dalam jumlah yang seimbang.

Hasil penelitian menunjukkan bahwa penggunaan algoritma Convolutional Neural
Network mengungguli algoritma Bidirectional Long Short-Term Memory dengan
nilai accuracy sebesar 93.75%, precision sebesar 93.10%, recall sebesar 94.50%,
dan fi1-score sebesar 93.80% dengan waktu fraining selama 6 menit 22 detik.
Dengan adanya penelitian ini, diharapkan dapat digunakan untuk mendeteksi hoaks
sedini mungkin sehingga penyebaran hoaks COVID-19 dalam masyarakat dapat
diminimalkan.

Kata kunci: Bidirectional Long Short-Term Memory, Convolutional Neural
Network, COVID-19, Deteksi hoaks.
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COMPARATIVE ANALYSIS OF CONVOLUTIONAL NEURAL
NETWORK AND BIDIRECTIONAL LONG SHORT-TERM
MEMORY IN DETECTING COVID-19 HOAX ON TWITTER

Tania Ciu

ABSTRACT

The rapid development of the internet and social media does not only have a
positive impact, but also a negative impact. One of them is the potential for the
spread of hoaxes. The difficulty of detecting hoaxes is a challenge for the society.
The problem of hoaxes becomes crucial, especially when it is associated with the
health sector such as COVID-19. Hoaxes related to COVID-19 could not only harm
physical health, but also people's mental health.

To deal with these problems, a comparative analysis was conducted to compare the
performance of Convolutional Neural Network and Bidirectional Long Short-Term
Memory in detecting COVID-19 hoaxes. The research was conducted based on the
CRISP-DM framework. Hoax detection was carried out using the CTF dataset
which was collected through a secondary data collection method in which the
dataset contained data labeled ‘“‘fake” and data labeled “genuine” in balanced
amounts.

The results showed that the use of the Convolutional Neural Network algorithm
outperformed the Bidirectional Long Short-Term Memory algorithm with 93.75%
accuracy, 93.10% precision, 94.50% recall, and 93.80% f1-score with a training
time of 6 minutes 22 seconds. With this research, it is hoped that it can be used to
detect hoaxes as early as possible so that the spread of COVID-19 hoaxes in the
society can be minimized.

Keywords: Bidirectional Long Short-Term Memory, Convolutional Neural
Network, COVID-19, Hoax detection.
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