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PENGIDENTIFIKASIAN KALIMAT SARA PADA RUANG OBROLAN
DISCORD MENGGUNAKAN ALGORITMA NAIVE BAYES CLASSIFIER

Regina Fransisca Louisa

ABSTRAK

Discord merupakan aplikasi media sosial berbasis 10S, Windows, dan Android yang
didesain khusus untuk mendukung para pemain game untuk dapat berkomunikasi
pada saat bermain game. Berdasarkan hasil survey yang dilakukan melalui Google
Form pada 24 hingga 26 April 2022, didapatkan hasil bahwa terdapat banyak per-
masalahan yang disebabkan oleh kalimat SARA pada Discord. Dibutuhkan peneli-
tian untuk mengidentifikasi apakah kalimat pada ruang obrolan Discord terindikasi
sebagai SARA atau bukan. Untuk dapat mengetahui bahwa suatu kalimat dalam
obrolan discord merupakan kalimat yang mengandung SARA atau bukan, diper-
lukan sebuah sistem yang dapat mengklasifikasikan data. Penelitian dilakukan de-
ngan menggunakan algoritma Naive Bayes Classifier. Naive Bayes Classifier meru-
pakan algoritma yang digunakan untuk melakukan klasifikasi suatu data dengan
metode probabilitas dan statistik. Hasil penelitian dapat dievaluasi berdasarkan
tingkat accuracy, precision, recall, dan fI-score. Dalam pengindentifikasian kali-
mat SARA pada ruang obrolan Discord, dihasilkan tingkat accuracy 94.25%, pre-
cision 0.98, recall 091, dan fl-score 0.95. Berdasarkan hasil penelitian, sistem
berhasil melakukan identifikasi kalimat SARA pada Discord.

Kata kunci: Accuracy, Discord, F1-Score, Naive Bayes Classifier, Precision, Re-
call
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Identification of SARA Sentences in Discord Chat Room Using Naive Bayes
Classifier Algorithm

Regina Fransisca Louisa

ABSTRACT

Discord is a social media application based on 10S, Windows, and Android which is
specially designed to support gamers to communicate while playing games. Based
on the results of a survey conducted through Google Form from April 24 to 26,
2022, there were so many problems caused by sentences containing elements of
ethnicity, religion, racism, and intergroup on Discord. The research was made to
identify sentences in Discord chat room indicated as sentences containing ethnicity,
religion, racism, and inter-group or not. The research was conducted using the
Naive Bayes Classifier algorithm. Naive Bayes Classifier is an algorithm used to
classify data with probability and statistical methods. The results of the research
can be evaluated based on the levels of accuracy, precision, recall, and f1-score. In
identifying sentences containing elements of ethnicity, religion, racism, and inter-
group in the Discord chat room, the result of the level of accuracy was 94.25%,
the result of the level of precision was 0.98, the result of the level of recall was
0.91, and the result of the level of fl-score was 0.95. Based on the results, the
system successfully identified sentences that contained ethnic, religion, racism, and
inter-group on Discord.

Keywords: Accuracy, Discord, F1-Score, Naive Bayes Classifier, Precision, Recall
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