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ANALISIS SENTIMEN MASYARAKAT TERHADAP PERALIHAN
TELEVISI ANALOG KE DIGITAL MENGGUNAKAN ALGORITMA

RANDOM FOREST CLASSIFIER

Elfajar Bintang Samudera

ABSTRAK

Televisi merupakan salah satu media hiburan dan informasi yang digemari
masyarakat. Jenis televisi yang banyak beredar di masyarakat yaitu televisi
analog. Seiring berkembangnya zaman, televisi analog semakin tertinggal dan
mulai tergantikan oleh jenis televisi baru yakni televisi digital. Televisi digital
dinilai memberikan kinerja yang lebih baik dibanding televisi analog. Tepat
pada tanggal 2 November 2022 silam, keputusan Pemerintah dalam memastikan
bahwa migrasi siaran televisi analog ke digital telah dilaksanakan. Seiring
dilaksanakannya program Analog Switch Off di berbagai daerah, terdapat berbagai
macam pandangan pro dan kontra yang terlontar di kalangan masyarakat. Salah satu
media sosial yang dipakai oleh masyarakat dalam berkomunikasi dan penyebaran
informasi secara cepat adalah Twitter. Oleh karena itu, penelitian ini dilakukan
dengan tujuan untuk melakukan klasifikasi apakah sentimen yang dilontarkan oleh
masyarakat terkait kebijakan alaog switch off termasuk dalam sentimen positif atau
negatif. Model klasifikasi yang dipakai adalah algoritma random forest dengan
bantuan Lexicon Inset dalam melabeli data, Count Vectorizer dan TF IDF Vectorizer
untuk proses vektorisasi data serta memberikan bobot pada kata, juga proses
pembagian data latih dan data uji dengan rasio yang beragam. Dari penelitian
ini didapatkan klasifikasi terbaik dengan menggunakan metode vektorisasi Count
Vectorizer, rasio data latih dan data uji sebesar 80%:20% dengan nilai accuracy
88%, precision sebesar 88%, recall 88%, dan f1-score 88%.

Kata kunci: Televisi Analog, Televisi Digital, Sentimen, Twitter, Random Forest
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Analysis of Public Sentiment on the Transition of Analogue to Digital
Television using a Random Forest Classifier Algorithm

Elfajar Bintang Samudera

ABSTRACT

Television is one of the most popular entertainment and information media public.
The type of television that is widely circulating in society is analog television.
Along with the development of the times, analog television is getting left behind
and is starting to be replaced by a new type of television, namely digital television.
Digital television is considered to provide better performance than analog television.
Right on November 2, 2022, the Government’s decision to ensure that the migration
of analogue to digital television broadcasts has been carried out. As the Analog
Switch Off program was implemented in various regions, there were various pro
and con views raised by the community. One of the social media used by the public
in communicating and disseminating information quickly is Twitter. Therefore,
this research was conducted with the aim of classifying whether the sentiments
expressed by the public regarding the analog switch off policy included positive or
negative sentiments. The classification model used is the random forest algorithm
with the help of Lexicon Inset in labeling data, the Count Vectorizer and TF IDF
Vectorizer for the process of vectorizing data and giving weights to words, as well
as the process of dividing training data and test data with various ratios. From this
study, the best classification was obtained using the Count Vectorizer vectorization
method, the ratio of training data and test data was 80%:20% with accuracy value
of 88%, precision of 88%, recall value 88%, and f1-score 88%.

Keywords: Analogue Television, Digital Television, Sentiment, Twitter, Random
Forest
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