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ANALISIS SENTIMEN TERHADAP PERTANDINGAN PIALA ASIA U-23
2024 INDONESIA VS QATAR MENGGUNAKAN METODE SUPPORT
VECTOR MACHINE

Ryan Samudra Ginting

ABSTRAK

Pertandingan Indonesia vs Qatar di piala asia U-23 tahun 2024 menjadi perdebatan
yang sedang hangat dibicarakan dikalangan masyarakat Indonesia karena diyakini
banyak kecurangan dalam pertandingan tersebut. Banyaknya opini pro dan kon-
tra yang di unggah oleh masyarakat Indonesia di media sosial twiter menjadikan
opini tersebut dapat menjadi data untuk menilai pendapat yang dibagi menjadi tiga
kategori yaitu positif, negatif dan netral. Dari 2258 data yang telah dikumpulkan, di-
lalukan labeling data menggunakan vader dan menghasilkan 30.9% sentimen posi-
tif, 49.8% sentimen negatif, dan 19.3% sentimen netral. Setelah dibagi menjadi
tiga kategori selanjutnya akan dilakukan analisis sentimen menggunakan metode
support vector machine dengan menggunakan confusion matrix untuk mengukur
performa dari klasifikasi maka dapat dinilai accuracy, precision, recall dan f1-score.
Didapatkan kernel rbf memiliki akurasi tertinggi dengan Accuracy 74.89%, F1I-
Score 74.30%, Precision 79.46% dan Recall 74.89% dengan perbandingan rasio
data 60:40. Selain itu dari data yang didapatkan juga berhasil menganalisis teks
berbahasa indonesia yang di input secara eksternal dan di kategorikan menjadi posi-
tif, netral dan negatif. Dari hasil yang telah didapatkan bahwa metode support
vector machine berhasil di implementasi dalam analisis sentimen pertandingan
Indonesia vs Qatar di piala asia U-23 tahun 2024 pada media sosial twiter.

Kata kunci: Analisis Sentimen, confusion matrix, Piala Asia U-23, Indonesia vs
Qatar, Support Vector Machine, Twiter.
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Sentiment Analysis of the 2024 U23 Asian Cup Match Indonesia vs Qatar
Using the Support Vector Machine Method

Ryan Samudra Ginting

ABSTRACT

The match between Indonesia and Qatar in the 2024 U-23 Asian Cup has become
a hot debate among the Indonesian people because it is believed that there was
a lot of cheating in the match. The many pro and con opinions that have been
uploaded by the Indonesian people on Twitter social media can be used as data
to assess opinions, which can be divided into three categories, namely positive,
negative, and neutral. Out of the 2258 data points that were collected, data labeling
was performed using Vader, resulting in 30.9% positive sentiment, 49.8% negative
sentiment, and 19.3% neutral sentiment. After being divided into three categories,
a sentiment analysis is then performed using the support vector machine method
with the use of a confusion matrix to measure the performance of the classification.
Accuracy, precision, recall, and F1-score can then be assessed. The RBF kernel was
found to have the highest accuracy with an Accuracy 74.89%, F1-Score 74.30%,
Precision 79.46%, and Recall 74.89% with a data ratio of 60:40. In addition, the
data obtained also succeeded in analyzing Indonesian text that was input externally
and categorized it as positive, neutral, and negative. Based on the results obtained,
the support vector machine method was successfully implemented in the sentiment
analysis of the Indonesia vs Qatar match in the 2024 U-23 Asian Cup on Twitter
social media.

Keywords: confusion matrix, Asian Cup U-23, Indonesia vs Qatar, Sentiment Anal-
ysis Support Vector Machine, Twiter
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