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ABSTRAK

Bagi para pebisnis khususnya di industri Food and Beverages, analisis
sentimen memberikan hasil yang sangat baik bagi perusahaannya. Dengan
industri FnB yang berkembang, pastinya akan memberikan value yang terbaik
khususnya pada pelayanan. Dengan dengan era yang digital, restoran pun
memberikan pelayanan order secara online disebut Online Food Delivery
(OFD). Perlu pemahaman opini pelanggan berdasarkan pelayanan yang telah
didapat. Salah satu cara untuk memahami opini yaitu analisis sentimen.
Namun, analisis sentimen masih belum cukup memberikan pengetahuan hal
spesifik apa yang menonjol dan kurang. Perlunya aspek yang dijual oleh
restoran, yaitu 4P (Product, Price, Place, Prmotion) Marketing Mix. Aspect-
Based Sentiment Analysis akan dilakukan kepada ulasan pelanggan salah satu
restoran dengan (OFD). Proses pekerjaan akan berdasarkan framework
CRISP-DM dengan dukungan pemahaman tentang value berupa 4P yang
dijual oleh restoran OFD. Dilakukannya scraping pada website dan
melakukan pemrosesan pada hasil scraping dengan melakukan text pre-
processing. Selanjutnya, dilakukan pembangunan model dengan
membandingkan algoritma Support Vector Machine yang ditambahkan
Latent Semantic Analysis dan Latent Dirichlet Allocation. Data diambil dari
bulan April 2024 dengan jumlah data sebanyak 2820 ulasan. Berdasarkan
model yang telah dibuat, LDA lebih baik daripada LSA dengan selisih 3
persen. Hasil berupa aplikasi web service sebuah sentimen untuk pemilik
outlet sebagai opini pengambilan keputusan untuk memajukan value
berdasarkan 4 aspek.

Kata kunci: Aspect-Based Sentiment Analysis, Latent Semantic Analysis,
Latent Dirichlet Allocation, Online Food Delivery, Support Vector Machine.
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COMPARATIVE OPTIMIZATION USING LATENT SEMANTIC
ANALYSIS AND LATENT DIRICHLET ALLOCATION ON
ASPECT-BASED SENTIMENT ANALYSIS OF ONLINE FOOD
DELIVERY (OFD) REVIEWS

WITH SVM

Wiky Hendra

ABSTRACT (English)

For business people, especially in the Food and Beverages industry,
sentiment analysis provides excellent results for the company. With the
growing FnB industry, it will certainly provide the best value, especially in
service. With the digital era, restaurants also provide online order services
called Online Food Delivery (OFD). It is necessary to understand customer
opinions based on the services that have been obtained. One way to
understand opinions is sentiment analysis. However, sentiment analysis is
still not enough to provide knowledge of what specific things stand out and
are lacking. The need for aspects sold by restaurants, namely the 4P
(Product, Price, Place, Promotion) Marketing Mix. Aspect-Based Sentiment
Analysis will be performed on customer reviews of one restaurant with
(OFD). The work process will be based on the CRISP-DM framework with
the support of an understanding of the value in the form of 4Ps sold by OFD
restaurants. Scraping is done on the website and processing the scraping
results by doing text pre-processing. Furthermore, model building is carried
out by comparing the Support Vector Machine algorithm added with Latent
Semantic Analysis and Latent Dirichlet Allocation. Data was taken from April
2024 with a total of 2820 reviews. Based on the model that has been created,
LDA is better than LSA with a difference of 3 percent. The result is a sentiment
web service application for outlet owners as a decision-making opinion to
advance value based on 4 aspects.

Keywords: Aspect-Based Sentiment Analysis, Latent Semantic Analysis,
Latent Dirichlet Allocation, Online Food Delivery, Support Vector Machine.
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