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ANALISIS SENTIMEN PENGGUNA APLIKASI X TERHADAP
PENGUNGSI ROHINGYA DI ACEH MENGGUNAKAN
METODE SUPPORT VECTOR MACHINE

Niko Adriano

ABSTRAK

Permasalahan sosial yang terus berkembang antara pengungsi Rohingya dan
masyarakat lokal Aceh memicu berbagai opini dari masyarakat Indonesia. Opini-
opini tersebut banyak diungkapkan melalui media sosial salah satunya X, yang
pada akhirnya menimbulkan sentimen terhadap pengungsi Rohingya di Aceh.
Perbedaan sentimen masyarakat khususnya pada *post’ X menjadi dasar penelitian
untuk melakukan klasifikasi dan analisis sentimen. Pengambilan data dari X
melalui metode scraping menghasilkan 12778 data yang kemudian dibersihkan
menjadi 10196 data. Data tersebut kemudian diklasifikasikan menjadi tiga
kategori sentimen, yaitu positif, netral, dan negatif dengan pemodelan Support
Vector Machine (SVM) menggunakan seleksi fitur Chi Square. Hasil klasifikasi
menunjukkan polaritas sebesar 61.3% sentimen negatif, 20.5% sentimen positif,
dan 18.2% sentimen netral. Sentimen didominasi oleh sentimen negatif dengan
pembahasan utama terkait kritik ketidakpuasan terhadap penanganan pemerintah
dan keprihatinan terhadap pengungsi Rohingya. Hasil evaluasi pemodelan SVM
dengan seleksi fitur Chi Square serta kombinasi parameter kernel rbf, C = 10, dan
gamma = 1 menunjukkan tingkat akurasi sebesar 81%, presisi sebesar 80%, dan
recall sebesar 81%. dan Fl-score sebesar 80%.

Kata kunci: Analisis Sentimen, Chi Square, Confussion Matrix, Pengungsi
Rohingya, Support Vector Machine
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Sentiment Analysis of X Application User towards Rohingya Refugees in Aceh
Using the Support Vector Machine Method

Niko Adriano

ABSTRACT

The ongoing social issues between Rohingya refugees and the local Acehnese
community have sparked various opinions from the Indonesian public. These
opinions are widely expressed through social media, including on X, which has
ultimately led to sentiments toward Rohingya refugees in Aceh. The differences in
public sentiment, particularly on X posts, form the basis for research to classify and
analyze sentiment. Data collection from X through scraping methods resulted in
12,778 data points, which were then cleaned down to 10,196 data points. The data
were then classified into three sentiment categories: positive, neutral, and negative,
using Support Vector Machine (SVM) modeling with Chi-Square feature selection.
The classification results showed a polarity of 61.3% negative sentiment, 20.5%
positive sentiment, and 18.2% neutral sentiment. The sentiment was dominated by
negative sentiment, with the main discussions related to criticism of government
handling and concerns for the Rohingya refugees. The evaluation results of the
SVM model with Chi-Square feature selection and a combination of rbf kernel
parameters, C = 10, and y = 1, showed an accuracy rate of 81%, precision of
80%, recall of 81%, and an FI-score of 80%.

Keywords: Sentiment Analysis, Chi Square, Confussion Matrix, Rohingya Refugees,
Support Vector Machine
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