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ANALISIS SENTIMEN TWEET MASYARAKAT TERHADAP
PEMERINTAHAN JOKOWI MENGGUNAKAN METODE
LSTM DAN CNN

Davina Febryanthi Kurniawan

ABSTRAK

Pemerintahan saat ini, yang dipimpin oleh Presiden Jokowi, mendapatkan perhatian
publik yang signifikan melalui platform media sosial X, menimbulkan beragam respons
mulai dari pujian hingga kritik dan sindiran. Dengan mengumpulkan data dari fweet
publik, penelitian ini bertujuan untuk memahami dan memberikan wawasan tentang
sentimen positif dan negatif publik terhadap pemerintahan dan diteliti juga terkait lima
prioritas kerja pemerintahan Jokowi. Penelitian ini melakukan analisis dengan metode
LSTM dan CNN menggunakan dua fitur ekstraksi, yaitu TF-IDF dan Word Embedding
serta membandingkan tujuh optimizer, yaitu Adam, RMSprop, SGD, Adagrad, Adadelta,
Adamax, dan Nadam. Pada tahap terakhir penelitian ini menggunakan confusion matrix
untuk evaluasi kinerja model LSTM dan CNN yang telah dilakukan. Model LSTM
menggunakan Word Embedding dengan optimizer AdaMax menunjukkan akurasi dan
tingkat /oss yang konsisten, mencapai akurasi pelatihan 91.43% dengan /loss 3.22% dan
akurasi validasi 91.21% dengan /loss 3,38% serta diperoleh hasil classification report
dengan nilai akurasi sebesar 91.2%, nilai presisi 90.6%, nilai recall 93.4%, dan nilai
fI-score 92%. Demikian pula, model CNN mencapai hasil terbaik dengan menggunakan
fitur Word Embedding dan optimizer Adamax, menghasilkan akurasi pelatihan 98.23%
dengan loss 0.079% dan akurasi validasi 91.47% dengan loss 3.57% serta diperoleh hasil
classification report dengan nilai akurasi sebesar 91.4%, nilai presisi 91.5%, nilai recall
92.8%, dan nilai f7-score 92.1%.

Kata kunci: Analisis Sentimen, Convolutional Neural Network, Jokowi, Long Short-

Term Memory, X
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SENTIMENT ANALYSIS OF PUBLIC TWEETS TOWARDS
JOKOWI'S GOVERNMENT USING LSTM AND CNN METHODS

Davina Febryanthi Kurniawan
ABSTRACT

The current government, led by President Jokowi, has gained significant public attention
through social media platform X, eliciting a wide range of responses ranging from praise
to criticism and sarcasm. By collecting data from public tweets, this study aims to
understand and provide insight into the positive and negative public sentiment towards
the government and is also researched related to the five work priorities of the Jokowi
administration. This study conducted an analysis using the LSTM and CNN methods
using two extraction features, namely TF-IDF and Word Embedding and compared seven
optimizers, namely Adam, RMSprop, SGD, Adagrad, Adadelta, Adamax, and Nadam. In
the last stage of this study, a confusion matrix was used to evaluate the performance of
the LSTM and CNN models that had been carried out. The LSTM model using Word
Embedding with AdaMax optimizer showed consistent accuracy and loss rate, achieving
training accuracy of 91.43% with a loss of 3.22% and validation accuracy of 91.21%
with a loss of 3.38% and obtained classification report results with an accuracy value of
91.2%, a precision value of 90.6%, a recall value 93.4%, and the
Fl-score score is 92%. Similarly, the CNN model achieved the best results by using the
Word Embedding feature and the Adamax optimizer, resulting in a training accuracy of
98.23% with a loss of 0.079% and a validation accuracy of 91.47% with a loss of 3.57%
and obtained the results of a classification report with an accuracy value of 91.4%, a
precision value of 91.5%, a recall value of 92.8%, and F1-Score score 92.1%.

Keywords: Convolutional Neural Network, Jokowi, Long Short-Term Memory, Sentiment
Analysis, X
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