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PERBANDINGAN HASIL ANALISIS SENTIMEN TERHADAP
RANGKAIAN DEBAT CAPRES-CAWAPRES MENGGUNAKAN
ALGORITMA SVM

Wayan Suputra Mindra

ABSTRAK

Pemilihan Umum (Pemilu) merupakan proses demokratis yang esensial bagi
Indonesia, di mana setiap lima tahun masyarakat memilih pemimpin mereka.
Dalam Pemilu 2024, tiga pasangan calon presiden dan wakil presiden, yaitu Anies-
Amin, Prabowo-Gibran, dan Ganjar-Mahfud, bertanding melalui serangkaian debat
yang disiarkan melalui televisi dan media digital seperti YouTube. Penelitian
ini bertujuan untuk menganalisis sentimen komentar masyarakat pada YouTube
mengenai debat-debat tersebut dengan menggunakan algoritma Support Vector
Machine dan pembobotan TF-IDF. Hasil penelitian menunjukkan bahwa algoritma
SVM memiliki kinerja yang sangat baik dengan rata-rata accuracy 90,4%, precision
90,7%, recall 85,0%, dan fI-score 87,1%. Analisis sentimen menunjukkan
kecenderungan positif terhadap keseluruhan debat, meskipun terdapat variasi dalam
sentimen terhadap masing-masing pasangan calon. Anies-Muhaimin menunjukkan
peningkatan tren sentimen positif meskipun sempat mengalami penurunan pada
debat kedua, sedangkan Prabowo-Gibran paling populer namun menerima kritik
terbanyak dengan tren sentimen positif yang stabil tetapi menurun pada debat
keempat. Ganjar-Mahfud memperoleh sentimen positif tertinggi tetapi kurang
populer. Visualisasi menggunakan chart dan word cloud membantu memetakan
dinamika opini masyarakat. Temuan ini mengindikasikan bahwa SVM adalah alat
yang efektif untuk analisis sentimen, memberikan wawasan berharga mengenai
opini publik selama kampanye Pemilu 2024.

Kata kunci: debat capres-cawapres 2024, analisis sentimen, support vector
machine
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Comparison of Sentiment Analysis Results on Presidential-Vice Presidential
Debate Series Using SVM Algorithm

Wayan Suputra Mindra

ABSTRACT

The General Election (Pemilu) is an essential democratic process in Indonesia,
where citizens elect their leaders every five years. In the 2024 Pemilu, three pairs
of presidential and vice-presidential candidates, namely Anies-Amin, Prabowo-
Gibran, and Ganjar-Mahfud, participated in a series of debates broadcasted
on television and digital media such as YouTube. This study aims to analyze
public sentiment in YouTube comments regarding these debates using the Support
Vector Machine (SVM) algorithm and TF-IDF weighting. The results show that
the SVM algorithm performs exceptionally well with an average accuracy of
90.4%, precision of 90.7%, recall of 85.0%, and fl-score of 87.1%. Sentiment
analysis indicates a generally positive trend towards the debates, although there
are variations in sentiment for each candidate pair. Anies-Muhaimin shows an
increasing trend in positive sentiment despite a decline during the second debate,
while Prabowo-Gibran is the most popular but receives the most criticism, with
stable positive sentiment trends that decline in the fourth debate. Ganjar-Mahfud
receives the highest positive sentiment but is less popular. Visualization using charts
and word clouds helps map the dynamics of public opinion. These findings indicate
that SVM is an effective tool for sentiment analysis, providing valuable insights into
public opinion during the 2024 Pemilu campaign.

Keywords: 2024 presidential-vice presidential debates, sentiment analysis, support
vector machine
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