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KLASIFIKASI BERITA HOAKS INDONESIA MENGGUNAKAN
ALGORITMA LIGHTGBM

Fadhil Dzaky Muhammad

ABSTRAK

Berita hoaks merupakan ancaman serius terhadap demokrasi, stabilitas sosial, dan
integritas politik di Indonesia, terutama dalam konteks pemilu dan isu-isu politik
lainnya. Penyebaran berita hoaks dapat memengaruhi opini publik secara negatif,
memperburuk polarisasi masyarakat, dan memicu konflik sosial. Penelitian ini
bertujuan untuk mengembangkan model klasifikasi berita hoaks yang andal dan
efisien menggunakan algoritma LightGBM. Dataset yang digunakan mencakup
59.850 entri berita yang telah melalui proses pembersihan data dan preprocessing
teks. Untuk ekstraksi fitur, metode Term Frequency-Inverse Document Frequency
(TF-IDF) diterapkan guna mengonversi data teks ke dalam format numerik yang
dapat diproses oleh model machine learning. Parameter model dioptimalkan
menggunakan Optuna, sebuah framework hyperparameter tuning berbasis Bayesian
Optimization. Hasil penelitian menunjukkan bahwa LightGBM mampu mencapai
akurasi yang sangat tinggi sebesar 99,23% dengan efisiensi pemrosesan yang baik.

Kata kunci: Berita hoaks, Indonesia, Klasifikasi, LightGBM, Machine learning,
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CLASSIFICATION OF INDONESIAN HOAX NEWS USING LIGHTGBM
ALGORITHM

Fadhil Dzaky Muhammad

ABSTRACT

Fake news poses a serious threat to democracy, social stability, and political
integrity in Indonesia, particularly in the context of elections and other political
issues. The spread of fake news can negatively influence public opinion, worsen
societal polarization, trigger social conflicts, and impact decision-making in
electoral processes. This study aims to develop a reliable and efficient fake news
classification model using the LightGBM algorithm. The dataset used consists of
59,850 news entries, with fake news sourced from MAFINDO and factual news
collected from reputable news portals such as KOMPAS, TEMPO, and Detik. The
dataset underwent data cleaning and text preprocessing. For feature extraction,
the Term Frequency-Inverse Document Frequency (TF-IDF) method was applied
to convert textual data into numerical formats suitable for machine learning
models. Model parameters were optimized using Optuna, a hyperparameter tuning
framework based on Bayesian Optimization. The results show that LightGBM
achieves an exceptionally high accuracy of 99.23% with excellent processing

efficiency.

Keywords: Classification, Hoax news, Indonesia, LightGBM, Machine learning
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