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ANALISIS SENTIMEN APLIKASI WHOOSH PADA PLAY STORE DAN
APP STORE MENGGUNAKAN SUPPORT VECTOR MACHINE

Christofer Alexander Kumentas

ABSTRAK

Whoosh adalah aplikasi transportasi kereta cepat yang dikelola oleh PT KCIC
(Kereta Cepat Indonesia China) sebagai bagian dari Proyek Strategis Nasional.
Meskipun menjadi proyek besar negara, rating aplikasi Whoosh di platform Google
Play Store(2.5) dan App Store(1.7) menunjukkan tingkat ketidakpuasan yang
cukup tinggi dari pengguna. Penelitian ini bertujuan untuk menganalisis sentimen
ulasan pengguna terhadap aplikasi Whoosh dengan menggunakan metode Support
Vector Machine (SVM). Data ulasan dikumpulkan melalui proses scraping dari
kedua platform, menghasilkan 555 ulasan. Hasil pelabelan menunjukkan bahwa
73% ulasan bersentimen negatif, dengan keluhan utama terkait proses registrasi,
verifikasi email, dan kesulitan login. Sementara itu, 27% ulasan bersentimen positif,
umumnya memuji kemudahan dalam melihat informasi kereta. Keluhan yang sering
diungkapkan divisualisasikan menggunakan word cloud. Data diolah menggunakan
metode pembobotan TF-IDF dan oversampling dengan SMOTE untuk mengatasi
ketidakseimbangan data. Evaluasi model SVM dengan pembagian data latih dan
uji 80/20 menghasilkan kinerja tertinggi dengan nilai akurasi 92%, presisi 93%,
recall 82%, dan fl-score 87% dibandingkan dengan pembagian data latih dan uji
70/30 dan 60/40.

Kata kunci: Analisis Sentimen, Support Vector Machine, Google PlayStore,
AppStore, word cloud
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Sentiment Analysis of the Whoosh Application on Play Store and App Store
Using Support Vector Machine

Christofer Alexander Kumentas

ABSTRACT

Whoosh is a high-speed rail transportation application managed by PT KCIC
(Kereta Cepat Indonesia China) as part of the National Strategic Project. Despite
being a major national project, the rating of the Whoosh application on the Google
Play Store (2.5) and App Store (1.7) indicates a high level of user dissatisfaction.
This study aims to analyze user sentiment towards the Whoosh application using
the Support Vector Machine (SVM) method. Review data was collected through
scraping from both platforms, resulting in 555 reviews. Labeling results showed
that 73% of the reviews were negative, with the main complaints related to the
registration process, email verification, and login issues. Meanwhile, 27% of the
reviews were positive, mostly praising the ease of accessing train information.
Frequently mentioned complaints were visualized using a word cloud. The data
was processed using the TF-IDF weighting method and oversampling with SMOTE
to address data imbalance. The evaluation of the SVM model with an 80/20 train-
test split achieved the highest performance with an accuracy of 92%, precision of
93%, recall of 82%, and an f1-score of 87%, compared to 70/30 and 60/40 train-test
splits.

Keywords: Sentiment Analysis, Support Vector Machine, Google PlayStore,
AppStore, word cloud
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