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Analisis Sentimen Ulasan Aplikasi Kredivo di Google Play Store
Menggunakan Algoritma Support Vector Machine, Naive Bayes,

dan Random Forest

Hadiono Yosdi Ngatidjan

ABSTRAK

Penelitian ini menganalisis sentimen ulasan pengguna aplikasi Kredivo dari
Google Play Store. Ulasan yang sangat beragam dan tidak terstruktur menimbulkan
tantangan bagi Kredivo dalam memahami opini pengguna secara sistematis dan
mengidentifikasi isu-isu krusial. Masalah ketidakseimbangan kelas sentimen pada
data ulasan ini, di mana sentimen positif jauh lebih dominan, menjadi celah
penelitian yang diatasi dalam studi ini.

Metode penelitian menggunakan kerangka kerja CRISP-DM (Cross-
Industry Standard Process for Data Mining) dengan tahapan Business
Understanding, Data Understanding, Data Preparation, Modelling, Evaluation, dan
Deployment. Sebanyak 10.000 data ulasan dikumpulkan dan diproses melalui
tahapan preprocessing seperti case folding, pembersihan teks, stopword removal,
stemming, dan transformasi fitur menggunakan TF-IDF. Untuk mengatasi
ketidakseimbangan kelas, teknik oversamplindg SMOTE (Synthetic Minority
Over-sampling Technique) diterapkan pada data latih. Model klasifikasi dibangun
menggunakan algoritma Support Vector Machine (SVM), Naive Bayes, dan
Random Forest.

Berdasarkan evaluasi, model SVM menunjukkan performa terbaik dengan
akurasi 93,67% (sebelum SMOTE), diikuti oleh Random Forest (93,41%) dan
Naive Bayes (91,83%). Namun, penerapan SMOTE justru menurunkan performa
klasifikasi untuk kelas sentimen negatif pada ketiga model, mengindikasikan bahwa
data sintetis tidak meningkatkan kemampuan deteksi kelas minoritas dalam kasus
ini. Model terbaik (SVM tanpa SMOTE) diimplementasikan dalam dashboard
interaktif berbasis web menggunakan Streamlit, yang memungkinkan pengguna
mengunggah dataset, memilih algoritma, melihat visualisasi, dan memprediksi
sentimen secara manual. Penelitian ini memberikan wawasan tentang tantangan
klasifikasi pada data tidak seimbang dan menyajikan solusi visual untuk analisis
opini pengguna pada layanan keuangan digital.

Kata Kunci: Dashboard, Kredivo, Machine Learning, Sentimen, Support Vector
Machine.
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Sentiment Analysis of Kredivo Application Reviews on Google
Play Store Using Support Vector Machine, Naive Bayes, and
Random Forest Algorithms

Hadiono Yosdi Ngatidjan

ABSTRACT (English)

This study analyzes user reviews' sentiment for the Kredivo application from
the Google Play Store. The diverse and unstructured nature of these reviews poses
a challenge for Kredivo in systematically understanding user opinions and
identifying crucial issues. The problem of imbalanced sentiment classes in this
review data, where positive sentiment is far more dominant, is a research gap
addressed in this study.

The research methodology uses the CRISP-DM (Cross-Industry Standard
Process for Data Mining) framework, with stages of Business Understanding, Data
Understanding, Data Preparation, Modelling, Evaluation, and Deployment. A total
of 10,000 review data were collected and processed through preprocessing steps
such as case folding, text cleaning, stopword removal, stemming, and TF-IDF
feature transformation. To address class imbalance, the SMOTE (Synthetic
Minority Over-sampling Technique) oversampling technique was applied to the
training data. Classification models were built using Support Vector Machine
(SVM), Naive Bayes, and Random Forest algorithms.

Based on the evaluation, the SVM model demonstrated the best performance
with an accuracy of 93.67% (before SMOTE), followed by Random Forest
(93.41%) and Naive Bayes (91.83%). However, the application of SMOTE
unexpectedly decreased classification performance for the negative sentiment class
across all three models, indicating that synthetic data did not improve minority
class detection in this case. The best-performing model (SVM without SMOTE) was
then implemented into an interactive web-based dashboard using Streamlit,
enabling users to upload datasets, select algorithms, view visualizations, and
manually predict sentiment. This research provides insights into classification
challenges on imbalanced data and offers a visual solution for analyzing user
opinions on digital financial services.

Keywords: Dashboard, Kredivo, Machine Learning, Sentiment, SVM.
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