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ANALISIS SENTIMEN MOBIL LISTRIK MENGGUNAKAN
ALGORITMA SUPPORT VECTOR MACHINE, NAIVE BAYES,

DAN RANDOM FOREST MELALUI YOUTUBE

Nescand Forlando Robin

ABSTRAK

Perkembangan kendaraan listrik di Indonesia menjadi bagian dari upaya menuju
transisi energi yang lebih ramah lingkungan. Mobil listrik mulai mendapatkan
perhatian dari masyarakat, namun penerimaannya masih beragam. Salah satu
platform yang mencerminkan opini publik adalah media sosial, khususnya melalui
komentar pengguna YouTube. Penelitian ini bertujuan untuk mengetahui persepsi
publik terhadap mobil listrik serta membandingkan performa algoritma klasifikasi
dalam analisis sentimen komentar.

Penelitian ini menggunakan pendekatan analisis sentimen berbasis machine
learning. Tiga algoritma yang dibandingkan adalah Support Vector Machine
(SVM), Naive Bayes (NB), dan Random Forest (RF). Data diperoleh dari komentar
pada delapan video YouTube dan diolah melalui tahap preprocessing, tokenisasi,
serta representasi fitur dengan TF-IDF. Untuk mengatasi ketidakseimbangan kelas,
diterapkan teknik SMOTE. Evaluasi model dilakukan dengan metrik akurasi,
precision, recall, dan fl-score.

Hasil menunjukkan bahwa SVM memiliki akurasi tertinggi dibandingkan algoritma
lainnya. Sebagian besar komentar mengandung sentimen positif, namun terdapat
kekhawatiran terkait harga, baterai, dan infrastruktur pengisian daya. Penelitian ini
memberikan gambaran umum persepsi publik terhadap mobil listrik dan
menunjukkan bahwa SVM merupakan algoritma yang paling efektif dalam
klasifikasi sentimen berbasis teks.

Kata kunci: Analisis Sentimen, Mobil Listrik, Naive Bayes, Random Forest,
Support Vector Machine, YouTube
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SENTIMENT ANALYSIS OF ELECTRIC VEHICLE USING
SUPPORT VECTOR MACHINE, NAIVE BAYES, AND RANDOM

FOREST THROUGH YOUTUBE

Nescand Forlando Robin

ABSTRACT (English)

The development of electric vehicles in Indonesia is part of a broader effort
toward a more environmentally friendly energy transition. Electric cars have
begun to attract public attention, although acceptance remains varied. One
platform that reflects public opinion is social media, particularly through
user comments on YouTube. This study aims to identify public perceptions of
electric vehicles and to compare the performance of classification algorithms
in sentiment analysis of comments.

This research adopts a sentiment analysis approach based on machine
learning. Three classification algorithms were compared: Support Vector
Machine (SVM), Naive Bayes (NB), and Random Forest (RF). The dataset
was collected from comments on eight YouTube videos and processed through
preprocessing, tokenization, and feature representation using TF-IDF. To
address class imbalance, the Synthetic Minority Oversampling Technique
(SMOTE) was applied. Model performance was evaluated using accuracy,
precision, recall, and Fl-score.

The results show that SVM achieved the highest accuracy among the
algorithms tested. Most comments expressed positive sentiments, although
concerns were still raised regarding price, battery durability, and charging
infrastructure. This study provides an overview of public perception of
electric vehicles and demonstrates that SVM is the most effective algorithm
for text-based sentiment classification.

Keywords: , Electric Car, Naive Bayes, Random Forest, Sentiment
Analysis, Support Vector Machine, YouTube
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