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HALAMAN PERSEMBAHAN / MOTTO

”A good name is to be more desired than great wealth, Favor is better
than silver and gold.”

Proverbs 22:1 (NASB)
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IMPLEMENTASI ALGORITMA RANDOM FOREST PADA MODEL
DETEKSI KOMENTAR PELECEHAN SEKSUAL VERBAL BERBAHASA

INDONESIA DI MEDIA SOSIAL X

Leideovico Yudhisti

ABSTRAK

Meningkatnya penyebaran komentar pelecehan seksual verbal di media sosial
X menjadi salah satu bentuk Kekerasan Berbasis Gender Online (KBGO) yang
mengancam remaja di Indonesia. Penelitian sebelumnya seringkali memiliki
cakupan yang terlalu luas, seperti deteksi seksisme secara umum, dan belum secara
spesifik mengukur potensi performa terbaik dari algoritma Random Forest pada
komentar pelecehan seksual. Penelitian ini bertujuan untuk mengimplementasikan
algoritma Random Forest dan menemukan performa terbaiknya untuk model
deteksi komentar pelecehan seksual verbal berbahasa Indonesia. Metodologi
penelitian dimulai dengan pengumpulan 1.000 data komentar dari media sosial
X, yang kemudian dilabeli secara manual. Untuk mengatasi masalah kelas
tidak seimbang, diterapkan teknik random undersampling yang menghasilkan
757 data. Data tersebut kemudian melalui tahap preprocessing dan feature
extraction menggunakan TF-IDF. Eksperimen dilakukan dengan membandingkan
model baseline dengan model yang telah melalui proses hyperparameter tuning
menggunakan GridSearchCV. Hasil evaluasi menunjukkan bahwa model dengan
performa terbaik berhasil mencapai akurasi sebesar 87,50%. Peningkatan
paling signifikan terlihat pada metrik Recall untuk kelas Sexual Harassment
yang mencapai 92,86%, menunjukkan kemampuan model yang andal dalam
mengidentifikasi komentar pelecehan seksual. Temuan ini menunjukkan algoritma
Random Forest efektif untuk diimplementasikan pada model deteksi otomatis
komentar pelecehan seksual verbal berbahasa Indonesia di media sosial X.

Kata kunci: Algoritma Random Forest, Deteksi Pelecehan Seksual,
Hyperparameter Tuning, KBGO, Klasifikasi Teks, TF-IDF
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IMPLEMENTATION OF THE RANDOM FOREST ALGORITHM IN A
MODEL FOR DETECTING VERBAL SEXUAL HARASSMENT COMMENTS

IN INDONESIAN ON SOCIAL MEDIA X

Leideovico Yudhisti

ABSTRACT

The increasing spread of verbal sexual harassment comments on social media
X has become a form of Online Gender-Based Violence (OGBV) that threatens
adolescents in Indonesia. Previous research has often been too broad in scope,
such as detecting sexism in general, and has not specifically measured the optimal
performance potential of effective algorithms for this particular case. This research
aims to implement the Random Forest algorithm and find its best performance for a
model that detects Indonesian-language verbal sexual harassment comments. The
research methodology began with the collection of 1,000 comments from social
media X, which were then manually labeled. To address the class imbalance
problem, a random undersampling technique was applied, resulting in a dataset of
757 instances. This data then underwent text preprocessing and feature extraction
using TF-IDF. The experiment was conducted by comparing a baseline model with
a model optimized through a hyperparameter tuning process using GridSearchCV.
Evaluation results show that the best-performing model achieved an accuracy of
87.50%. The most significant improvement was observed in the Recall metric for the
Sexual Harassment class, which reached 92.86%, indicating the model’s reliable
ability to identify harassment cases. These findings demonstrate that a Random
Forest algorithm is effective for implementing an automated detection model for
verbal sexual harassment comments.

Keywords: Gender-Based Online Violence, Hyperparameter Tuning, Random
Forest Algorithm, Sexual Harassment Detection, Social Media X, Text
Classification
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