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KLASIFIKASI BATIK CIREBON MENGGUNAKAN CONVOLUTIONAL
NEURAL NETWORK

David Erik Junanta

ABSTRAK

Batik merupakan salah satu warisan budaya Indonesia dengan beragam motif
khas daerah, termasuk motif Cirebon yang memiliki detail visual kompleks dan
kemiripan antar pola. Penelitian ini bertujuan untuk mengembangkan model
klasifikasi motif batik menggunakan metode Convolutional Neural Network (CNN)
dengan fokus pada empat motif utama, yaitu Mega Mendung, Paksi Naga Liman,
Sawat Pengantin, dan Singa Barong. Model berhasil mencapai akurasi 94%.
Evaluasi menunjukkan motif Mega Mendung memperoleh precision, recall, dan
f1-score sempurna sebesar 100%, Paksi Naga Liman dengan precision 89%, recall
94%, dan f1-score 92%, Sawat Pengantin memperoleh precision dan recall sebesar
92%, serta f1-score 92%, sementara Singa Barong memiliki precision 91%, recall
83%, dan f1-score 87%. Nilai macro average sebesar 93% dan weighted average
94% menunjukkan performa model yang stabil. Hasil ini menunjukkan bahwa
CNN dapat diandalkan dalam mengenali motif batik secara otomatis dan berpotensi
mendukung pelestarian budaya melalui teknologi.

Kata kunci: Batik Cirebon, CNN, Klasifikasi
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CIREBON BATIK CLASSIFICATION USING CONVOLUTIONAL NEURAL
NETWORK

David Erik Junanta

ABSTRACT

Batik is one of Indonesia’s cultural heritages, featuring a wide variety of regional
patterns, including Cirebon batik, which is known for its complex visual details
and pattern similarities. This study aims to develop a batik motif classification
model using the Convolutional Neural Network (CNN) method, focusing on four
main motifs: Mega Mendung, Paksi Naga Liman, Sawat Pengantin, and Singa
Barong. The model achieved an accuracy of 94%. Evaluation results show that
the Mega Mendung motif obtained perfect scores of 100% for precision, recall,
and F1-score. Paksi Naga Liman achieved 89% precision, 94% recall, and a 92%
F1-score. Sawat Pengantin scored 92% for both precision and recall, and 92% F1-
score, while Singa Barong achieved 91% precision, 83% recall, and 87% F1-score.
A macro average of 93% and a weighted average of 94% indicate the model’s stable
performance. These results suggest that CNN is a reliable tool for the automatic
recognition of batik motifs and has the potential to support cultural preservation
through technology.

Keywords: Cirebon Batik, Classification, CNN
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