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ANALISIS SENTIMEN ASPEK ULASAN PADA APLIKASI

TINDER
(Galih Isa Yudhistira)

ABSTRAK

Perkembangan pesat teknologi dan internet di Indonesia telah mengubah
cara masyarakat berinteraksi, termasuk dalam penggunaan aplikasi mobile.
Indonesia menempati posisi penting dalam peta global penggunaan aplikasi
mobile, dengan Tinder sebagai salah satu platform kencan daring paling
populer, yang pada tahun 2020 menguasai sekitar 57,6% pangsa pasar
aplikasi kencan di Indonesia. Dengan lebih dari 100 juta unduhan dan jutaan
ulasan pengguna di Google Play Store, Tinder menjadi sumber data penting
untuk memahami pengalaman dan sentimen pengguna. Analisis sentimen
otomatis terhadap ulasan ini menjadi alat krusial untuk mengidentifikasi opini
positif, dan negatif secara efisien.

Penelitian ini mengkaji performa tiga model pembelajaran mendalam,
yaitu Long Short-Term Memory (LSTM), Bidirectional LSTM (BiLSTM),
dan Convolutional Neural Network (CNN), dalam menganalisis sentimen
ulasan pengguna Tinder di Google Play Store. Data yang digunakan terdiri
dari 5000 ulasan teks terbaru dalam kurun waktu Februari 2025, yang
diproses melalui tahapan Knowledge Discovery In Databases (KDD)
meliputi seleksi, pra-pemrosesan, transformasi, data mining, dan evaluasi.

Model BILSTM yang dikombinasikan dengan penyesuaian bobot kelas
dan tuning hyperparameter menunjukkan performa terbaik dengan akurasi
94% serta recall kelas positif 86%, menandakan keseimbangan optimal antara
sensitivitas dan presisi. Model ini melampaui BILSTM dengan penyesuaian
bobot kelas saja yang memiliki akurasi 93% dan recall positif 79%, serta
BILSTM standar dengan akurasi 92% dan recall positif 77%. Model LSTM
menunjukkan performa yang bervariasi antara 92-94%, namun tuning
hyperparameter pada LSTM dasar justru menurunkan akurasi menjadi 92%.
Sementara itu, model CNN mempertahankan kestabilan performa pada
kisaran 90-91%, meskipun dengan presisi dan recall kelas positif yang lebih
rendah dibanding model LSTM dan BILSTM. Kesimpulannya, optimasi
BILSTM melalui penyesuaian bobot kelas dan tuning hyperparameter
merupakan pendekatan paling efektif untuk klasifikasi sentimen berbasis teks
dalam penelitian ini.

Kata kunci: Analisis Sentimen, Google Play, Aplikasi Kencan Tinder,
CNN, BILSTM , LSTM
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SENTIMENT ANALYSIS OF REVIEW ASPECTS OF TINDER
APP USAGE USING DEEP LEARNING TECHNIQUES

(Galih Isa Yudhistira)

ABSTRACT (English)

The rapid development of technology and the internet in Indonesia has
transformed how people interact, including their use of mobile applications.
Indonesia holds a significant position in the global landscape of mobile app
usage, with Tinder being one of the most popular daring dating platforms,
capturing around 57.6% of the Indonesian dating app market share in 2020.
With over 100 million downloads and millions of user reviews on the Google
Play Store, Tinder serves as an important data source for understanding user
experiences and sentiments. Automated sentiment analysis of these reviews
becomes a crucial tool for efficiently identifying positive and negative
opinions.

This study examines the performance of three deep learning models,
namely Long Short-Term Memory (LSTM), Bidirectional LSTM (BiLSTM),
and Convolutional Neural Network (CNN), in analyzing the sentiment of
Tinder user reviews on the Google Play Store. The data consists of 5,000
recent text reviews collected within a five-year period up to February 2025,
processed through the Knowledge Discovery In Databases (KDD) stages
including selection, preprocessing, transformation, data mining, and
evaluation.

The BiLSTM model combined with class weight adjustment and
hyperparameter tuning demonstrated the best performance with an accuracy
of 94% and a positive class recall of 86%, indicating an optimal balance
between sensitivity and precision. This model outperformed the BiLSTM with
only class weight adjustment, which achieved 93% accuracy and 79%
positive recall, as well as the standard BiLSTM with 92% accuracy and 77%
positive recall. The LSTM model showed performance varying between 92-
94%, but hyperparameter tuning on the basic LSTM actually decreased
accuracy to 92%. Meanwhile, the CNN model maintained stable performance
around 90-91%, although its precision and positive class recall were lower
than those of the LSTM and BiLSTM models. In conclusion, optimizing
BiLSTM through class weight adjustment and hyperparameter tuning is the
most effective approach for text-based sentiment classification in this study.

Keywords: Analisis Sentimen, Aplikasi Kencan ,Google Play, Tinder, CNN ,
BILSTM , LSTM
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