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ANALISA SENTIMEN APLIKASI MOBILE BANKING BCA DI
PLATFORM GOOGLE PLAY MENGGUNAKAN FINE-

TUNING DISTILBERT

Christopher Darren

ABSTRAK

Di era transformasi digital, layanan mobile banking seperti BCA Mobile
menjadi pilihan utama masyarakat dalam melakukan transaksi secara cepat
dan fleksibel. Namun, banyaknya keluhan dari pengguna dapat memengaruhi
citra aplikasi. Ulasan di Google Play Store menjadi sumber penting untuk
memahami pengalaman pengguna, namun analisis manual terhadap data
berskala besar tidak efisien. Penelitian ini bertujuan menerapkan analisis
sentimen otomatis berbasis Deep Learning untuk mengevaluasi persepsi
pengguna terhadap aplikasi BCA Mobile.

Model DistilBERT digunakan karena mampu memahami konteks bahasa
secara mendalam dengan arsitektur yang lebih ringan dibandingkan BERT.
Dataset ulasan diproses melalui tahap pra-pemrosesan dan pelabelan rule-
based, kemudian dilakukan fine-tuning terhadap model pretrained
DistilBERT agar sesuai dengan konteks bahasa Indonesia dan label sentimen
positif, netral, serta negatif. Untuk menangani ketidakseimbangan data,
diterapkan metode oversampling. Evaluasi dilakukan menggunakan
classification report dan confusion matrix untuk mengukur akurasi, presisi,
recall, dan f1-score.

Model akhir diuji menggunakan dataset pengujian dan diimplementasikan
ke dalam prototipe berbasis web menggunakan platform Streamlit. Hasil
menunjukkan bahwa DistilBERT menghasilkan akurasi dan performa yang
baik dalam Klasifikasi sentimen serta lebih efisien dibanding metode
tradisional. Proses hyperparameter tuning juga meningkatkan efektivitas
model. Penelitian ini memberikan kontribusi dalam pemanfaatan teknologi
Deep Learning untuk analisis ulasan pengguna dan dapat menjadi dasar
pengambilan keputusan dalam peningkatan kualitas layanan BCA Mobile.

Kata kunci: Analisa Sentimen, DistilBERT, Fine-Tuning, Streamlit, Ulasan
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SENTIMENT ANALYSIS OF BCA MOBILE BANKING
APPLICATION ON GOOGLE PLAY PLATFORM USING

DISTILBERT FINE-TUNING

Christopher Darren

ABSTRACT (English)

In the era of digital transformation, mobile banking services such as BCA
Mobile have become the primary choice for people to conduct transactions
quickly and flexibly. However, numerous complaints from users can affect the
image of the application. Reviews on Google Play Store are an important
source for understanding user experience, but manual analysis of large-scale
data is inefficient. This study aims to apply automatic sentiment analysis
based on Deep Learning to evaluate user perceptions of the BCA Mobile
application.

The DistilBERT model was chosen because it can understand language
context deeply with a lighter architecture compared to BERT. The review
dataset was processed through pre-processing and rule-based labeling
stages, followed by fine-tuning the pretrained DistilBERT model to align with
the Indonesian language context and positive, neutral, and negative sentiment
labels. To address data imbalance, the oversampling method was applied.
Evaluation was conducted using a classification report and confusion matrix
to measure accuracy, precision, recall, and F1-score.

The final model was tested using a test dataset and implemented into a
web-based prototype using the Streamlit platform. The results show that
DistilBERT achieves good accuracy and performance in sentiment
classification and is more efficient than traditional methods. The
hyperparameter tuning process also enhances the model's effectiveness. This
research contributes to the application of Deep Learning technology for user
review analysis and can serve as a basis for decision-making in improving
the quality of BCA Mobile services.

Keywords: DistilBERT, Fine-Tuning, Review, Sentiment Analysis, Streamlit
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