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Halaman Persembahan / Motto

”A good name is to be more desired than great wealth, Favor is better
than silver and gold.”

Proverbs 22:1 (NASB)
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ANALISIS SENTIMEN PENGGUNAAN AI-GENERATED ARTWORK DI
TWITTER MENGGUNAKAN INDOBERT

Bryan Christopher

ABSTRAK

Perkembangan teknologi kecerdasan buatan (AI) telah memungkinkan terciptanya
karya seni digital secara otomatis melalui algoritma, yang dikenal sebagai AI-
generated artwork. Fenomena ini menimbulkan kontroversi di masyarakat,
terutama di media sosial seperti Twitter, karena berbagai kekhawatiran seperti
plagiarisme dan pelanggaran etika. Penelitian ini bertujuan untuk menganalisis
sentimen masyarakat Indonesia terhadap penggunaan AI-generated artwork di
Twitter menggunakan model IndoBERT yang termasuk dalam benchmark IndoNLP.
Sebanyak 2.483 data tweet dikumpulkan melalui scraping Twitter menggunakan
kata kunci “gambar AI” dan “ilustrasi AI”, kemudian dilakukan proses
preprocessing mencakup penghapusan tanda baca, angka, emoji, stopword, dan
lemmatization. Data yang telah diproses kemudian diklasifikasikan menggunakan
model SmSA dari IndoBERT ke dalam tiga kategori sentimen: positif, negatif,
dan netral. Hasil labeling menunjukkan bahwa 51,8 persen dari opini pengguna
tergolong negatif, 47,3 persen netral, dan hanya 0,9 persen bersentimen positif. Dari
empat skenario pembagian dataset (40:30:30, 60:20:20, 70:15:15, dan 80:10:10),
model terbaik diperoleh pada konfigurasi 40:30:30 pada epoch ke-7, dengan
akurasi tertinggi mencapai 0,75, F1 Score 0,75, dan Precision 0,78, menggunakan
parameter pelatihan optimal hasil scenario testing. Temuan ini mengindikasikan
dominasi sentimen negatif dalam persepsi publik terhadap karya seni berbasis AI,
yang mencerminkan kekhawatiran masyarakat terhadap legitimasi, kualitas, dan
dampak etis dari penggunaan AI dalam seni.

Kata kunci: AI-generated artwork, IndoBERT, Natural Language Processing,
analisis sentimen, Twitter

vii
Analisis Sentimen AI-Generated..., Bryan Christopher, Universitas Multimedia Nusantara



SENTIMENT ANALYSIS OF THE USE OF AI-GENERATED ARTWORK ON
TWITTER USING INDOBERT

Bryan Christopher

ABSTRACT

The advancement of artificial intelligence (AI) technology has enabled the
automatic creation of digital artworks through algorithmic processes, commonly
referred to as AI-generated artwork. This phenomenon has sparked public
controversy, especially on social media platforms such as Twitter, due to concerns
over plagiarism, ethical violations, and artistic authenticity. This research aims to
analyze the sentiments of the Indonesian public toward the use of AI-generated
artwork on Twitter using the IndoBERT model, which is part of the IndoNLP
benchmark. A total of 2,483 tweets were collected through Twitter scraping using
the keywords “gambar AI” and “ilustrasi AI”. The collected data underwent a
comprehensive preprocessing stage, including the removal of punctuation, digits,
emojis, stopwords, and the application of lemmatization. The cleaned data was then
classified using the SmSA model (Sentiment Analysis) from IndoBERT into three
sentiment categories: positive, negative, and neutral. The labeling results indicate
that 51.8 percent of public opinions were negative, 47.3 percent neutral, and only
0.9 percent positive. Among the four dataset split scenarios tested (40:30:30,
60:20:20, 70:15:15, and 80:10:10), the best model performance was achieved using
the 40:30:30 configuration at epoch-7, with a highest accuracy of 0.75, an F1 Score
of 0.75, and Precision of 0.78, using optimized training parameters from scenario
testing. These findings highlight a dominant negative sentiment in public perception
toward AI-generated artwork, reflecting concerns about legitimacy, quality, and
ethical implications associated with the use of AI in the field of art.

Keywords: AI-generated artwork, IndoBERT, Natural Language Processing,
sentiment analysis, Twitter
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