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IMPLEMENTASI ALGORITMA K-NEAREST NEIGHBORS PADA
SISTEM REKOMENDASI KOMBINASI PERALATAN PANCING

BERDASARKAN LOKASI,BUDGET, DAN TARGET BERAT IKAN

Ananta Viryadiva

ABSTRAK

Penelitian ini bertujuan untuk merancang, mengimplementasikan, dan
mengevaluasi sistem rekomendasi kombinasi peralatan pancing berbasis algoritma
K-Nearest Neighbors (KNN) dengan antarmuka web interaktif. Sistem dirancang
untuk memproses tiga parameter masukan lokasi memancing (empang, sungai,
laut), anggaran, dan target berat ikan guna menghasilkan kombinasi empat
komponen utama peralatan pancing (joran, reel, senar, dan kail) yang sesuai
kebutuhan pengguna. Dataset terdiri dari 695 produk unik hasil pembersihan
data toko online, dikombinasikan menjadi 3.000.000 set valid dengan distribusi
seimbang 1.000.000 kombinasi per kategori lokasi. Penentuan kecocokan lokasi
peralatan didasarkan pada survei terhadap 383 responden dengan ambang mayoritas
≥ 50%.Evaluasi teknis membandingkan KNN, K-Means Clustering, dan Decision
Tree Classifier menggunakan metrik Silhouette Score dan Adjusted Rand Index
(ARI). KNN memperoleh Silhouette Score 0,728 dan ARI 0,852, mengungguli
K-Means (0,701; 0,834) dan Decision Tree (0,685; 0,816). Evaluasi berbasis
pengguna melalui kuesioner skala Likert menunjukkan KNN meraih skor 4,72
(94,4%), diikuti K-Means 3,39 (67,8%) dan Decision Tree 1,39 (27,8%).Hasil
penelitian membuktikan bahwa KNN menghasilkan rekomendasi paling relevan
dan akurat dengan tingkat penerimaan serta kepuasan pengguna tertinggi.
Dengan demikian, KNN direkomendasikan sebagai algoritma utama untuk sistem
rekomendasi kombinasi peralatan pancing berbasis konteks numerik.

Kata kunci: Decision Tree, K-Means Clustering, K-Nearest Neighbors, Sistem
Rekomendasi, Silhouette Score
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IMPLEMENTATION OF THE K-NEAREST NEIGHBORS ALGORITHM IN
A RECOMMENDATION SYSTEM FOR FISHING GEAR COMBINATIONS

BASED ON LOCATION, BUDGET, AND TARGET FISH WEIGHT

Ananta Viryadiva

ABSTRACT

This study aims to design, implement, and evaluate a fishing equipment combination
recommendation system based on the K-Nearest Neighbors (KNN) algorithm with
an interactive web interface. The system is designed to process three main input
parameters fishing location (pond, river, sea), budget, and target fish weight to
generate combinations of four main fishing equipment components (rod, reel,
fishing line, and hook) that meet user needs. The dataset consists of 695 unique
products obtained from cleaning online store data, which were then combined
into 3,000,000 valid sets, evenly distributed into 1,000,000 combinations for each
location category. The determination of location suitability for the equipment
was based on a survey of 383 respondents, with a majority threshold of ≥ 50%.
Technical evaluation compared KNN, K-Means Clustering, and Decision Tree
Classifier using the Silhouette Score and Adjusted Rand Index (ARI) metrics. KNN
achieved a Silhouette Score of 0.728 and an ARI of 0.852, outperforming K-Means
(0.701; 0.834) and Decision Tree (0.685; 0.816). User-based evaluation using
a Likert scale questionnaire showed that KNN scored 4.72 (94.4%), followed by
K-Means with 3.39 (67.8%) and Decision Tree with 1.39 (27.8%). The findings
demonstrate that KNN produces the most relevant and accurate recommendations
with the highest level of user acceptance and satisfaction. Therefore, KNN is
recommended as the primary algorithm for a context-based fishing equipment
combination recommendation system.

Keywords: Decision Tree, K-Means Clustering, K-Nearest Neighbors,
Recommendation System, Silhouette Score
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