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ANALISIS SENTIMEN TERHADAP TAGAR KABUR AJA DULU DI
MEDIA SOSIAL X MENGGUNAKAN SUPPORT VECTOR MACHINE

Muhammad Bayu Pratama

ABSTRAK

Peningkatan aktivitas digital telah mendorong opini publik semakin luas tersebar
di media sosial, termasuk topik-topik sensitif seperti keresahan sosial melalui frasa
“kabur aja dulu”. Penelitian ini bertujuan untuk mengklasifikasikan sentimen dari
teks berbahasa Indonesia di media sosial X terkait fenomena tersebut menggunakan
algoritma Support Vector Machine (SVM). Data dikumpulkan melalui web crawling
pada periode Januari hingga April 2025, menghasilkan 4.236 tweet. Analisis
dilakukan dengan empat skenario yang memvariasikan penerapan stemming,
teknik penyeimbangan data SMOTE oversampling, dan konfigurasi parameter
grid. Dataset dibagi dalam tiga rasio (60:20:20, 70:15:15, dan 80:10:10), dengan
ekstraksi fitur menggunakan metode Term Frequency–Inverse Document Frequency
(TF-IDF), serta parameter terbaik ditentukan melalui Grid Search. Hasil terbaik
diperoleh pada skenario dengan stemming tanpa SMOTE, parameter sempit, dan
data split 80:10:10, menghasilkan nilai precision, recall, dan f1-score masing-
masing 0,85 serta akurasi 85%, pada konfigurasi C = 15, class weight = None,
dan max iter = 5000. Penelitian ini menunjukkan bahwa kombinasi preprocessing
teks yang tepat dengan pemilihan parameter efisien mampu meningkatkan performa
klasifikasi tanpa bergantung pada metode penyeimbangan data sintetik. Hasil
klasifikasi juga menunjukkan dominasi sentimen negatif sebanyak 2.974 tweet
(70,2%), diikuti netral 699 tweet (16,5%), dan positif 563 tweet (13,3%). Ini
mencerminkan persepsi publik yang cenderung kritis atau pesimistis, sehingga
menjadi indikator penting bagi evaluasi kebijakan terhadap faktor sosial dan
ekonomi yang mempengaruhi munculnya narasi tersebut.

Kata kunci: #KaburAjaDulu, Analisis Sentimen, Support Vector Machine, TF-
IDF.
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SENTIMENT ANALYSIS ON THE ”KABUR AJA DULU” TOPIC ON
SOCIAL MEDIA X USING SUPPORT VECTOR MACHINE

Muhammad Bayu Pratama

ABSTRACT

The increase in digital activities has amplified public opinions spread widely
across social media, including sensitive topics such as social unrest expressed
through phrases like “kabur aja dulu”. This study aims to classify sentiments from
Indonesian text data on the social media platform X related to this phenomenon
using the Support Vector Machine (SVM) algorithm. Data were collected through
web crawling from January to April 2025, resulting in 4,236 tweets. The
analysis involved four scenarios varying the application of stemming, SMOTE
oversampling techniques for data balancing, and configurations of the parameter
grid. The dataset was divided into three data splits (60:20:20, 70:15:15, and
80:10:10), with feature extraction using the Term Frequency–Inverse Document
Frequency (TF-IDF) method, and the best parameters were selected through
a Grid Search. The optimal performance was achieved in the scenario with
stemming without SMOTE, using a narrow parameter configuration and an
80:10:10 data split, yielding precision, recall, and f1-score values of 0.85 each,
and an accuracy of 85%, with parameters set at C = 15, class weight =
None, and max iter = 5000. This study demonstrates that the combination
of appropriate text preprocessing and efficient parameter selection significantly
improves classification performance without relying on synthetic data balancing
methods. The classification results also revealed a predominance of negative
sentiments in 2,974 tweets (70.2%), followed by neutral sentiments in 699 tweets
(16.5%), and positive sentiments in 563 tweets (13.3%). This indicates a
predominantly critical or pessimistic public perception, serving as an important
indicator for policy evaluations concerning social and economic factors influencing
the emergence of such narratives.

Keywords: #KaburAjaDulu, Sentiment Analysis, Support Vector Machine, TF-IDF
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