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ANALISIS SENTIMEN ULASAN GAME MARVEL RIVALS
MENGGUNAKAN ALGORITMA MACHINE LEARNING

DAN DEEP LEARNING

Albertus Arga Soetasad

ABSTRAK

Industri permainan digital berkembang pesat dengan semakin banyaknya pemain
yang memberikan ulasan di berbagai platform. Marvel Rivals, sebagai permainan
hero shooter yang baru, menarik perhatian komunitas game dan menghasilkan
banyak opini dari pemain. Terdapat urgensi bagi pengembang game Marvel Rivals
yang masih terbilang baru, memahami respons pemain dari volume ulasan yang
besar, sehingga dapat mengambil tindakan yang tepat guna meningkatkan daya
saingnya di pasar yang dinamis.

Penelitian ini bertujuan untuk menganalisis sentimen ulasan pemain terhadap
Marvel Rivals menggunakan algoritma Random Forest, Multinomial Naive Bayes,
XGBoost, dan Bi-LSTM guna menentukan model terbaik dalam klasifikasi
sentimen. Perbandingan antara algoritma machine learning dan deep learning dalam
penelitian ini dilakukan untuk mengevaluasi efektivitasnya dalam konteks analisis
sentimen ulasan permainan digital. Penelitian ini menggunakan metode kuantitatif
dengan menerapkan framework CRISP-DM, yang mencakup pemahaman bisnis,
eksplorasi data, preparasi data, pembangunan model, serta evaluasi dan
deployment. Data dikumpulkan melalui teknik web scraping dari ulasan pemain di
platform Steam, kemudian dilakukan pemrosesan teks seperti tokenisasi,
penghapusan stopwords, dan lemmatization.

Hasil penelitian menunjukkan bahwa model Bi-LSTM memberikan performa
terbaik dengan akurasi 89%. Evaluasi model menunjukkan bahwa Bi-LSTM
memiliki keseimbangan terbaik antara akurasi dan generalisasi. Implementasi hasil
analisis dilakukan melalui aplikasi yang memanfaatkan LLM untuk menganalisis
ulasan secara otomatis.

Kata kunci: Analisis Sentimen, Bi-LSTM, Multinomial Naive Bayes, Random
Forest, XGBoost
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SENTIMENT ANALYSIS OF MARVEL RIVALS GAME
REVIEWS USING MACHINE LEARNING AND DEEP

LEARNING ALGORITHMS

Albertus Arga Soetasad

ABSTRACT (English)

The digital game industry is rapidly growing, with an increasing number of players
providing reviews on various platforms. Marvel Rivals, as a new hero shooter
game, has attracted the attention of the gaming community and generated
numerous opinions from players. There is an urgency for the developers of Marvel
Rivals, a relatively new game, to understand player responses from the large
volume of reviews, so that appropriate actions can be taken to improve its
competitiveness in the dynamic market.

This research aims to analyze the sentiment of player reviews for Marvel Rivals
using Random Forest, Multinomial Naive Bayes, XGBoost, and Bi-LSTM
algorithms to determine the best model for sentiment classification. The comparison
between machine learning and deep learning algorithms in this study is conducted
to evaluate their effectiveness in the context of sentiment analysis of digital game
reviews. This research uses a quantitative method by applying the CRISP-DM
framework, which includes business understanding, data exploration, data
preparation, model building, as well as evaluation and deployment. Data were
collected using web scraping techniques from player reviews on the Steam
platform, and then text preprocessing was performed, including tokenization,
stopword removal, and lemmatization.

This research’s results show that the Bi-LSTM model provided the best
performance with an accuracy of 89%. Model evaluation indicates that Bi-LSTM
has the best balance between accuracy and generalization. Implementation of the
analysis results is carried out through an application that utilizes LLM to
automatically analyze reviews.

Keywords: Sentiment Analysis, Bi-LSTM, Multinomial Naive Bayes, Random
Forest, XGBoost
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