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ANALISIS SENTIMEN KONTEN KESEHATAN MENTAL
PADA TIKTOK TERHADAP KECENDERUNGAN SELF-
DIAGNOSE MENGGUNAKAN SUPPORT VECTOR

MACHINE DAN XGBOOST

(Navsya Nitisara Putri)

ABSTRAK

Fenomena self-diagnose di TikTok semakin marak akibat paparan konten
kesehatan mental tanpa pendampingan profesional. Banyak pengguna
menyimpulkan kondisi psikologis mereka berdasarkan kecocokan gejala
dalam video tanpa diagnosis medis. Hal ini berisiko menimbulkan
pemahaman keliru, terutama di kalangan remaja. Di sisi lain, pemanfaatan
pendekatan Sistem Informasi untuk mengklasifikasikan komentar berbasis
sentimen masih terbatas. Belum banyak studi yang mengevaluasi efektivitas
algoritma klasifikasi dalam mendeteksi komentar yang mengarah pada self-
diagnose.

Penelitian ini bertujuan membangun model klasifikasi komentar TikTok
berdasarkan indikasi self-diagnose. Pelabelan dilakukan secara otomatis
menggunakan metode rule-based berbasis kata kunci dan struktur kalimat
tertentu, lalu divalidasi oleh pakar dengan latar belakang pendidikan
psikologi. Dua algoritma, yaitu Support Vector Machine dan Extreme
Gradient Boosting, dipilih karena keunggulannya dalam klasifikasi teks
pendek serta penanganan data tidak seimbang. Pemilihan ini didasarkan
pada studi terdahulu yang menunjukkan bahwa Support Vector Machine
unggul dalam precision, sedangkan Extreme Gradient Boosting lebih stabil
dalam recall dan fI-score. Proses penelitian mengikuti tahapan Cross
Industry Standard Process for Machine Learning. Analisis tambahan
dilakukan terhadap waktu komentar, panjang teks, dan interaksi pengguna.

Hasil menunjukkan bahwa Extreme Gradient Boosting mencatat akurasi
training 99.66% dan ftesting 99.53% dengan fI-score sempurna,
mengungguli Support Vector Machine dengan selisih 0.58% pada akurasi
testing (99.04% training dan 98.95% testing; fl-score 0.99). Komentar
terbanyak berlabel negatif (19.306), meningkat pada pukul 12.00-15.00.
Meskipun hanya 4% dari total data, komentar positif memperoleh interaksi
tertinggi.

Kata Kkunci: analisis sentimen, Extreme Gradient Boosting, kesehatan
mental, self-diagnose, Support Vector Machine, Tiktok
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SENTIMENT ANALYSIS OF MENTAL HEALTH CONTENT ON
TIKTOK TOWARDS SELF-DIAGNOSE TENDENCY USING

SUPPORT VECTOR MACHINE AND XGBOOST

(Navsya Nitisara Putri)

ABSTRACT (English)

The phenomenon of self-diagnosis on TikTok has become increasingly
common due to the widespread exposure to mental health content without
professional supervision. Many users conclude their psychological
conditions based on symptom similarities in videos without undergoing any
medical diagnosis. This can lead to misinterpretation, particularly among
adolescents. On the other hand, the application of Information Systems in
classifying sentiment-based comments remains limited. Few studies have
evaluated the effectiveness of classification algorithms in detecting
comments that indicate self-diagnosis.

This study aims to build a classification model for TikTok comments based
on self-diagnosis indications. Labeling was conducted automatically using a
rule-based method involving specific keywords and sentence structures, and
validated by an expert with a background in psychology. Two algorithms,
Support Vector Machine and Extreme Gradient Boosting. Were selected for
their strengths in short-text classification and handling imbalanced data.
This choice is based on prior research showing that Support Vector
Machine excels in precision, while Extreme Gradient Boosting is more
stable in terms of recall and fl-score. The research followed the stages of
the Cross Industry Standard Process for Machine Learning. Additional
analysis was conducted on comment timing, text length, and user
interaction.

The results show that Extreme Gradient Boosting achieved a training
accuracy of 99.66% and testing accuracy of 99.53% with a perfect fI-score,
outperforming Support Vector Machine by 0.58% in testing accuracy
(99.04% training and 98.95% testing, fl-score 0.99). The majority of
comments were labeled negative (19.306), with comment frequency peaking
between 12:00 and 15:00. Although positive comments made up only 4% of
the dataset, they received the highest average interaction.

Keywords: sentiment analysis, Extreme Gradient Boosting, mental health,
self-diagnosis, Support Vector Machine, TikTok
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