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ANALISIS SENTIMEN PUBLIK TERHADAP ANJLOKNYA IHSG
PERIODE MARET-APRIL 2025 DI X (TWITTER) MENGGUNAKAN
LSTM DAN INDOBERT

Muhamad Farhan Fadillah

ABSTRAK

Pergerakan Indeks Harga Saham Gabungan (IHSG) sering memicu diskusi publik
di media sosial. Penelitian ini menganalisis sentimen publik terhadap anjloknya
IHSG pada Maret-April 2025 dan membandingkan kinerja model deep learning Bi-
LSTM dengan IndoBERT. Menggunakan kerangka CRISP-DM, model Bi-LSTM
dilatih pada ~5.000 data pseudo-labeled, sementara IndoBERT di-fine-tuning pada
529 data berlabel manual. Hasil menunjukkan pendekatan transfer learning dengan
IndoBERT (akurasi 79,25%) secara signifikan lebih unggul daripada Bi-LSTM
(akurasi 68,87%). Analisis kualitatif juga menemukan dualisme persepsi publik
antara kekhawatiran (kata "turun", "anjlok") dan optimisme (kata "kuat", "beli").
Disimpulkan bahwa penggunaan model pre-trained seperti IndoBERT pada data
berkualitas tinggi merupakan pendekatan yang lebih efektif untuk analisis sentimen
keuangan di Indonesia.

Kata kunci: Analisis Sentimen, IHSG, IndoBERT, LSTM, Twitter
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PUBLIC SENTIMENT ANALYSIS ON THE DECLINE OF IHSG DURING
MARCH—APRIL 2025 ON X (TWITTER) USING LSTM AND INDOBERT

Muhamad Farhan Fadillah

ABSTRACT

The movement of the Indonesia Stock Exchange Index (IHSG) often sparks public
discussion on social media. This study analyzes public sentiment toward the IHSG
downturn during March—April 2025 and compares the performance of the Bi-
LSTM deep learning model with IndoBERT. Using the CRISP-DM framework,
the Bi-LSTM model was trained on approximately 5,000 pseudo-labeled data,
while IndoBERT was fine-tuned on 529 manually labeled data. The results
show that the transfer learning approach with IndoBERT (accuracy of 79.25%)
significantly outperformed Bi-LSTM (accuracy of 68.87%). A qualitative analysis
also revealed a duality in public perception, balancing between concern (words like
“drop,” “plunge”’) and optimism (words like “strong,” “buy”). It is concluded that
leveraging pre-trained models such as IndoBERT on high-quality data is a more
effective approach for financial sentiment analysis in Indonesia.

Keywords: THSG, IndoBERT, LSTM, Sentiment Analysis, Twitter
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