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ANALISIS SENTIMEN OPINI PENGGUNA X TERHADAP BERITA
BENSIN PERTAMAX DICAMPUR PERTALITE DENGAN ALGORITMA

NAIVE BAYES

Joshua Ardin Putra Perdana

ABSTRAK

Penelitian ini bertujuan untuk menganalisis sentimen masyarakat terhadap isu
pencampuran bahan bakar Pertamax dan Pertalite melalui media sosial X
(sebelumnya Twitter) dengan menggunakan algoritma Naı̈ve Bayes. Isu ini mencuat
sebagai respons atas dugaan praktik pencampuran BBM yang menimbulkan
kekhawatiran publik. Data dikumpulkan melalui Tweet Harvest menggunakan
kata kunci relevan, kemudian dilakukan tahap praproses teks yang meliputi
translasi, normalisasi, stemming, dan stopword removal. Sentimen diklasifikasikan
menggunakan lexicon-based labeling sebelum data diolah dengan metode TF-IDF
dan diklasifikasikan dengan dua varian algoritma: Multinomial Naı̈ve Bayes dan
Complement Naı̈ve Bayes. Hasil penelitian menunjukkan bahwa Multinomial
Naı̈ve Bayes memperoleh akurasi sebesar 76% dan skor F1 tertinggi pada sentimen
positif sebesar 82%, sedangkan Complement Naı̈ve Bayes mencatatkan akurasi
75% dengan skor F1 tertinggi sebesar 79%. Meskipun akurasi keduanya hampir
setara, Complement Naı̈ve Bayes menunjukkan kestabilan performa yang lebih
baik. Penelitian ini menunjukkan efektivitas metode Naı̈ve Bayes dalam klasifikasi
sentimen berbasis media sosial, serta pentingnya tahapan praproses dan pelabelan
dalam meningkatkan performa model klasifikasi.

Kata kunci: Analisis Sentimen, Naive Bayes, Pertamax, Pertalite, TF-IDF,
X(twitter).
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ANALYSIS OF SENTIMENT OF X USER OPINIONS ON THE NEWS OF
PERTAMAX GASOLINE MIXED WITH PERTALITE USING THE NAIVE

BAYES ALGORITHM

Joshua Ardin Putra Perdana

ABSTRACT

This study aims to analyze public sentiment regarding the issue of Pertamax and
Pertalite fuel blending on the social media platform X (formerly Twitter) using
the Naı̈ve Bayes algorithm. The issue emerged in response to allegations of fuel
adulteration, triggering widespread public concern. Data were collected through
Tweet Harvest using relevant keywords, followed by a series of text preprocessing
stages including translation, normalization, stemming, and stopword removal.
Sentiment labeling was performed using a lexicon-based approach. The processed
data were then transformed using the TF-IDF method and classified using two
algorithm variants: Multinomial Naı̈ve Bayes and Complement Naı̈ve Bayes. The
results indicate that Multinomial Naı̈ve Bayes achieved an accuracy of 76% and
the highest F1-score of 82% for positive sentiment, while Complement Naı̈ve Bayes
recorded an accuracy of 75% and the highest F1-score of 79%. Although the
accuracy scores were comparable, Complement Naı̈ve Bayes demonstrated greater
stability in performance. This research confirms the effectiveness of the Naı̈ve
Bayes method in social media-based sentiment classification and emphasizes the
importance of preprocessing and labeling stages in enhancing model performance.

Keywords: Naive Bayes, Sentiment Analysis, Pertamax, Pertalite, TF-IDF,
X(twitter).
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