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ANALISIS SENTIMEN DAN TOPIK PADA LAYANAN

KEUANGAN DIGITAL: STUDI KASUS SHOPEE PAYLATER

Marsella Patricia

ABSTRAK

Pesatnya perkembangan teknologi digital dan penetrasi media sosial di
Indonesia mendorong perubahan pola konsumsi masyarakat, termasuk dalam
pemanfaatan layanan keuangan digital seperti paylater. Shopee PayLater
menjadi layanan paylater yang paling banyak digunakan Gen Z dan Milenial
di Indonesia, sehingga penting untuk memahami persepsi pengguna terhadap
layanan ini. Media sosial, seperti Twitter dan Instagram, menjadi saluran
utama bagi pengguna untuk menyampaikan opini dan pengalaman mereka
secara langsung dan terbuka.

Penelitian ini menggunakan pendekatan CRISP-DM dalam menganalisis data
sentimen dan topik dari komentar pengguna Shopee PayLater. Data
dikumpulkan melalui teknik crawling dari media sosial, kemudian diproses
melalui tahapan preprocessing teks dan pelabelan manual sentimen. Dua
algoritma yaitu Support Vector Machine (SVM) dan Long Short-Term
Memory (LSTM) digunakan untuk klasifikasi sentimen, sedangkan algoritma
Latent Dirichlet Allocation (LDA) digunakan untuk pemodelan topik guna
mengidentifikasi tema dominan dalam setiap kategori sentimen.

Hasil penelitian menunjukkan bahwa model LSTM memberikan performa
terbaik dengan akurasi 90,04%, dibandingkan SVM yang mencapai akurasi
88,80%. LDA berhasil mengelompokkan lima topik utama dalam sentimen
positif maupun negatif, yang mencerminkan kepuasan maupun keluhan
pengguna terhadap layanan Shopee PayLater. Integrasi analisis sentimen
berbasis deep learning dan topic modeling memberikan gambaran yang lebih
komprehensif terhadap persepsi pengguna, serta dapat menjadi acuan bagi
pengembangan strategi layanan digital di masa depan.

Kata Kkunci: Analisis Sentimen, LDA, LSTM, Media Sosial, Shopee
PayLater,
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SENTIMENT AND TOPIC ANALYSIS OF DIGITAL
FINANCIAL SERVICES: A CASE STUDY OF SHOPEE

PAYLATER

Marsella Patricia

ABSTRACT

The rapid development of digital technology and the penetration of social
media in Indonesia have driven changes in consumer behavior, including the
use of digital financial services such as paylater. Shopee PayLater has
become the most widely used paylater service among Gen Z and Millennials
in Indonesia, making it important to understand user perceptions of this
service. Social media platforms such as Twitter and Instagram serve as
primary channels for users to express their opinions and experiences openly.

This study adopts the CRISP-DM framework to analyze sentiment and topic
modeling from Shopee PayLater user comments. Data were collected through
web crawling from social media platforms and processed through text
preprocessing and manual sentiment labeling. Two algorithms—Support
Vector Machine (SVM) and Long Short-Term Memory (LSTM)—were used
for sentiment classification, while Latent Dirichlet Allocation (LDA) was
applied for topic modeling to identify key themes within each sentiment

category.

The results show that the LSTM model performed best with an accuracy of
90.04%, outperforming SVM, which achieved 88.80%. LDA successfully
grouped five dominant topics in both positive and negative sentiment
categories, reflecting user satisfaction and complaints toward Shopee
PayLater services. The integration of deep learning-based sentiment analysis
and topic modeling offers a more comprehensive understanding of user
perceptions and serves as a reference for improving digital financial service
strategies in the future.

Keywords: LDA, LSTM, Sentiment Analysis, Shopee PayLater, Social Media
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