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ANALISIS SENTIMEN KOMENTAR YOUTUBE TERHADAP VIDEO
RENOVASI MUSIK EKA GUSTIWANA MENGGUNAKAN ALGORITMA

MULTINOMIAL NAIVE BAYES

Henk Natalis Aibekob

ABSTRAK

Analisis sentimen digunakan untuk memahami persepsi atau tanggapan publik
terhadap suatu topik, produk, layanan, atau peristiwa tertentu, terutama melalui
data dari media sosial. Komentar pengguna di platform YouTube mencerminkan
opini dan respons publik terhadap suatu konten, salah satunya video “Renovasi
Musik — TURU NIGHT” oleh Eka Gustiwana. Penelitian ini bertujuan untuk
mengklasifikasikan sentimen komentar YouTube terhadap video tersebut ke dalam
kategori positif dan negatif menggunakan algoritma Multinomial Naive Bayes.
Data yang digunakan merupakan komentar berbahasa Indonesia yang diperoleh
dengan metode crawling, kemudian diproses melalui tahapan text preprocessing
seperti cleansing, case folding, tokenization, stopword removal, normalization,
dan stemming. Pelabelan dilakukan secara otomatis menggunakan pendekatan
lexicon-based berdasarkan daftar kata positif dan negatif. Fitur teks dikonversi
menggunakan TF-IDF Vectorizer. Penelitian ini juga menerapkan metode SMOTE
untuk menangani ketidakseimbangan data dan membandingkan performa model
dengan dan tanpa SMOTE, baik menggunakan validasi train-test split maupun
K-Fold. Hasil pengujian menunjukkan bahwa model terbaik diperoleh pada
pengujian dengan SMOTE menggunakan pembagian data latih dan uji 80:20, yang
menghasilkan akurasi sebesar 85,08%, dengan nilai precision 85%, recall 85%, dan
f1-score 85%.

Kata kunci: Analisis Sentimen, Multinomial Naive Bayes, Renovasi Musik,
SMOTE, YouTube
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SENTIMENT ANALYSIS OF YOUTUBE COMMENTS ON EKA
GUSTIWANA ”RENOVASI MUSIK” VIDEO USING THE MULTINOMIAL

NAIVE BAYES ALGORITHM

Henk Natalis Aibekob

ABSTRACT

Sentiment analysis is used to understand public perception or response toward a
particular topic, product, service, or event, especially through data obtained from
social media. User comments on the YouTube platform reflect public opinions and
responses toward content, such as the video “Renovasi Musik — TURU NIGHT” by
Eka Gustiwana. This study aims to classify the sentiment of YouTube comments on
the video into positive and negative categories using the Multinomial Naive Bayes
algorithm. The data used are Indonesian-language comments obtained through
the crawling method and processed through several text preprocessing stages,
including cleansing, case folding, tokenization, stopword removal, normalization,
and stemming. Sentiment labeling was performed automatically using a lexicon-
based approach based on lists of positive and negative words. Text features were
converted using TF-IDF Vectorizer. This study also applied the SMOTE method to
address data imbalance and compared the model’s performance with and without
SMOTE, using both train-test split and K-Fold validation. The test results show
that the best-performing model was obtained using SMOTE with an 80:20 train-
test split, resulting in an accuracy of 85.08%, with a precision of 85%, recall of
85%, and f1-score of 85%.

Keywords: Multinomial Naive Bayes, Music Renovation, Sentiment Analysis,
SMOTE, YouTube
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