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IMPLEMENTASI ALGORITMA MULTINOMIAL NAIVE BAYES DALAM
ANALISIS SENTIMEN TERHADAP ULASAN APLIKASI GLINTS PADA

GOOGLE PLAYSTORE

Ahmad Yusuf Abimanyu

ABSTRAK

Lapangan pekerjaan merupakan peluang kerja yang dapat diikuti oleh seluruh
individu, baik yang telah bekerja maupun yang sedang mencari pekerjaan.
Pertumbuhan penduduk di Indonesia berpengaruh terhadap meningkatnya jumlah
angkatan kerja sehingga menimbulkan kesulitan dalam memperoleh pekerjaan dan
berdampak pada tingginya angka pengangguran. Kondisi tersebut mendorong
pemanfaatan platform digital sebagai solusinya dan salah satunya adalah aplikasi
Glints: TapLoker yang menjadi sumber informasi lowongan kerja dan telah
diunduh lebih dari 5 juta kali di Google Play Store. Banyaknya ulasan
pengguna pada aplikasi tersebut memungkinkan dilakukannya analisis sentimen
yang diklasifikasikan ke dalam tiga kategori, yaitu positif, negatif, dan netral.
Kinerja model klasifikasi sangat dipengaruhi oleh keseimbangan data latih sehingga
penelitian ini menerapkan teknik oversampling menggunakan metode Easy
Data Augmentation (EDA) untuk mengatasi permasalahan imbalanced dataset,
khususnya pada kelas sentimen negatif. Metode EDA diterapkan melalui tiga
pendekatan, yaitu Synonym Replacement (SR), Random Swap(RS), dan Random
Deletion(RD). Analisis sentimen dilakukan menggunakan algoritma Multinomial
Naive Bayes dan evaluasi model dilakukan dengan confusion matrix yang
menghasilkan metrik accuracy, precision, recall, dan F1-score. Hasil penelitian
menunjukkan bahwa pembagian data 80:20 memberikan performa terbaik dengan
nilai accuracy sebesar 83,87%, precision 83,54%, recall 83,16%, dan F1-
score 82,94%. Penelitian ini dapat disimpulkan bahwa algoritma Multinomial
Naive Bayes berhasil digunakan dalam menganalisis sentimen ulasan aplikasi
Glints:TapLoker di Google Play Store.

Kata kunci: Analisis Sentimen, Glints:TapLoker, Easy Data Augmentation,
Multinomial Naive Bayes, Imbalanced dataset, Confussion Matrix.
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IMPLEMENTATION OF THE MULTINOMIAL NAIVE BAYES
ALGORITHM IN SENTIMENT ANALYSIS OF GLINTS APPLICATION

REVIEWS ON GOOGLE PLAYSTORE

Ahmad Yusuf Abimanyu

ABSTRACT

The job market is an employment opportunity that is open to all individuals, both
those who are already working and those who are looking for work. Population
growth in Indonesia has led to an increase in the number of workers, making
it difficult to find employment and resulting in high unemployment rates. This
situation has encouraged the use of digital platforms as a solution, one of which
is the Glints: TapLoker application, which is a source of job vacancy information
and has been downloaded more than 5 million times on Google Play Store. The
large number of user reviews on the application allows for sentiment analysis to
be classified into three categories, namely positive, negative, and neutral. The
performance of the classification model is greatly influenced by the balance of
the training data, so this study applies the oversampling technique using the Easy
Data Augmentation (EDA) method to overcome the problem of imbalanced datasets,
especially in the negative sentiment class. The EDA method is applied through
three approaches, namely Synonym Replacement (SR), Random Swap (RS), and
Random Deletion (RD). Sentiment analysis was performed using the Multinomial
Naive Bayes algorithm, and model evaluation was conducted using a confusion
matrix that produced accuracy, precision, recall, and F1-score metrics. The results
of the study show that an 80:20 data split provides the best performance with an
accuracy value of 83.87%, precision of 83.54%, recall of 83.16%, and an F1-score
of 82.94%. This study concludes that the Multinomial Naive Bayes algorithm was
successfully used to analyze sentiment in reviews of the Glints:TapLoker application
on the Google Play Store.

Keywords: Sentiment Analysis, Glints:TapLoker, Easy Data Augmentation,
Multinomial Naive Bayes, Imbalanced dataset, Confussion Matrix.
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